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Abstract

Purpose –This study aims to identify the characteristics of the maritime shipping network in Northeast Asia
as well as compare the level of port connectivity among these container ports in the region. In addition, this
study analyses the change in role and position of 20 ports in the region by clustering these ports based on
connectivity index and container throughput and route index.
Design/methodology/approach – This study employs Social Network Analysis (SNA) to delineate the
international connectivity of major container ports in Northeast Asia. Technique for Order of Preference by
Similarity to Ideal Solution (TOPSIS) is used to identify each port’s connectivity index and container
throughput index, and the resulting indexes are employed as the basis to cluster 20 major ports by fuzzy
C-mean (FCM).
Findings –The results revealed that Northeast Asia is a highly connectedmaritime shipping networkwith the
domination of Shanghai, Shenzhen, Hong Kong and Busan. Furthermore, both container throughput and
connectivity in almost all container ports in the region have decreased significantly due to the coronavirus
disease 2019 (COVID-19) pandemic. The rapid growth of Shenzhen andNingbo has allowed them to join Cluster
1 with Shanghai while maintaining high connectivity, yet decreasing container throughput has pushed Busan
down to Cluster 2.
Originality/value – The originality of this study is to combine indexes of SNA into connectivity index
reflecting characteristics of the maritime shipping network in Northeast Asia and categorize 20 major ports
by FCM.
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1. Introduction
Ports act as vital nodes in the maritime shipping network and contribute to the development
of the multimodal transportation system (Pallis et al., 2011). With a role as a node in the
maritime transit network, the port needs to improve the infrastructure, facility, and quality of
service to meet the international sea transportation requirement, including precision in time,
quantity, and efficiency. These factors also create competitiveness for the port because more
and more shipping lines will introduce new shipping routes calling at its port. Besides,
combining the different transportation methods allow the port to connect the producer and
the consumer through import or export activities (Pettit and Beresford, 2009). Ports being on
the global maritime shipping routes can gain certain benefits, such as connecting easily to
ports in different areas, attracting more ship calls and improving cargo volumes, gaining
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more information, having more authority, and having a significant influence over other ports
(Nguyen and Woo, 2021).

Northeast Asia plays a significant role as a gateway to Europe andAsia, and the container
port system of this region is also a maritime bridge, allowing the domestic, regional, and
international distribution of cargo, which is carried primarily by sea transport. Recently, the
global container volume center has moved from Europe and America to four Northeast Asia
countries, including China, Japan, Korea, and Taiwan (Jiang and Li, 2009). Therefore, the
major container ports of these countries have been implementing strategies aiming to
improve their competitiveness, such as expanding infrastructure and facilities, enhancing
physical capacities to accommodate the larger ships, and offering an attractive business
environment for shipping companies, and this allows ports in the region to survive and
develop in the fiercely competitive seaport market (Yang and Chen, 2016). These seaport
systems of these countries have witnessed a relentless expansion in container throughput
over several decades, playing an essential role in international trade and the global maritime
shipping network (UNCTAD, 2018, 2019, 2020b). Somemajor ports in the region have become
significant hub-ports, while others have attempted to improve their competitiveness to
dominate the seaport market. Many ports in the region have focused on improving
international connectivity as part of their strategic growth efforts. The four countries handled
nearly 308 million TEUs in 2019, making up approximately 38.7% of global container
throughput, and the container ports in the region are the busiest and most dynamic ports
globally (UNCTAD, 2020b). Over 20 years, the volume of containers handled by these ports
increased by more than four times, with China especially recording a noticeable increase in
container throughput, from over 42 million TEUs in 2000 to 242 million TEUs in 2019.
Volumes in the Korean container port system have also grown, with container throughput
rising from over 9 million TEUs to nearly 29 million TEUs between 2000 and 2019 (see
Figure 1).

The major container ports in Northeast Asia have improved their competitiveness to
strengthen their leadership and cement their top position in the seaport market (Kim, 2016).
Along with investments and upgrades to infrastructure and facilities that have expanded
their cargo handling capacity, these ports also enrich maritime connectivity by attracting
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more shipping lines to call at their ports. These policies may produce favorable conditions for
these ports that enhance container throughput.

Although the demise of Hanjin Shipping in 2016 created a negative impact on South
Korea’s container port system, several major container ports received a grant from the
government to deal with the damage caused by Hanjin’s collapse (Shin et al., 2019). Themajor
container ports of Korea, such as Busan, Incheon, and Gwangyang, have significant growth
potential when they are connected directly or indirectly to other ports in China, Southeast
Asia, South America, and the Middle East. Busan, which is South Korea’s mega
transshipment hub, maintained its standing as Korea’s largest container port and the
world’s sixth-largest container port (Kim, 2016). The container throughput of other ports
recorded an impressive growth when new services to China or Southeast Asia were added in
recent years.

Taiwan seaport system’s container throughput growth seems to be slowing down as
major container ports, such as Kaohsiung, Taichung, and Taipei, are struggling amidst the
competitive seaport markets (Bai and Lam, 2015). Many shipping lines have expanded and
operated new direct maritime routes from Southeast Asia to North America, no longer calling
Taiwan’s ports. Besides, Taiwan’s container port system still suffers increasing competition
by transshipment volumes crossing the Taiwan Strait to other ports such as Busan (South
Korea) and Xiamen (China). Both of these weaken the competitiveness of Taiwan ports in
comparison to other Northeast Asia ports.

The Japanese seaport system plays a vital role in national and local economic growth and
development because Japanese seaports manage marine terminals and, at the same time,
contribute to the development of port cities (Inoue, 2018). The container throughput of Japan’s
ports, consisting of mainly four major ports, namely, Tokyo, Yokohama, Kobe, and Osaka,
has increased slightly from 2000 to 2019. However, the growth rate in container throughput,
number of ship calls, and number ofmaritime routes inmajor Japanese ports are considerably
less than in other ports in NortheastAsia (Kawasaki et al., 2020). Themajor Japanese ports are
restricted in international maritime connectivity, making them less competitive compared to
ports in China or Korea. As a result, a large portion of cargo is transshipped at China and
Korea’s ports instead of Japan’s ports.

After several decades of impressive growth, China seaport’s container throughput system
has recorded a decline due to supply chain disruptions and the weakening of the global
economy brought on by the COVID-19 pandemic (UNCTAD, 2020a; Xu et al., 2021). However,
many China container ports are still dominating global container throughput. The major
Chinese container ports are not only strengthening their positions as pivotal container
shipping ports but also are striving to become top international hubs (Li et al., 2021; Ma et al.,
2021). The Chinese container ports have the prerequisite to becoming mega transshipment
hubs due to good geographical location, free-trade area, fully modernized equipment, the
application of information technology, and the ability to handle the largest ships.

The growth and development of container ports in four countries are different, but all of
their major ports have been striving to maintain the leading position or become the hub ports
of the region or the world. To achieve this goal, besides enhancing competitiveness by
upgrading infrastructure and cargo handling capabilities, modernizing equipment with
investments, and increasing service coverage, these ports must improve maritime
connectivity by attracting more shipping lines to introduce new services calling at their
ports. Container seaports are crucial to the economy of countries inNortheast Asia. The better
international connections of the seaports in the region could help seaports increase container
throughput and boost the nations’ economies. The improvement of international connectivity
means expanding the maritime shipping network, allowing ports in Northeast Asia to spread
their power in each region, continent, and even the whole world. Therefore, the purpose of the
study is to identify the characteristics of themaritime shipping network in the Northeast Asia
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region as well as analyze the level of port connectivity among these container ports in the
region. Besides, the growth and development of major container ports in the region are
various, and hence the study categorizes these ports based on “connectivity index” and
container throughput index. This categorization aims to analyze the change in role and
position of ports and suggests several developing policies for each cluster. The remainder of
this study is structured as follows. Section 2 reviews the literature on port connectivity and
Social Network Analysis (SNA). Section 3 mentions the methods and data used in the study.
Section 4 provides results of the port’s connectivity in the region and discusses the change in
the role and position of the port. Section 5 presents the findings of the study.

2. Literature review
The connection or interaction among adjoining ports in a region makes the regional shipping
network develop and grow significantly (Rodrigue and Notteboom, 2009). Therefore, the
connectivity of ports in the global maritime shipping network has received increasing
attention in port studies. By analyzing Northeast Asia’s shipping network between 1996 and
2006, Ducruet et al. (2010) show that the major hub ports may affect the polarization of the
overall maritime network. Viljoen and Joubert (2016) employ the complex network theory to
analyze the vulnerability of the maritime network, and they found that the global liner
network is vulnerable to both a strategy removing the “most between” connection and a
strategy removing the “most salient.”

The competitiveness of a port is affected by factors such as geographic location, port
facility, port cost, cargo volume, service level, and port reputation (Chang et al., 2008; Steven
and Corsi, 2012; Nguyen et al., 2020a, b). In general, the port’s connectivity is to identify the
role of a port in a shipping network with many shipping routes, and the port’s connectivity
allows the assessment of the port’s competitiveness and the characteristics of the shipping
network (Steven and Corsi, 2012; Nguyen et al., 2020a, b). Moreover, a good geographical
location will positively affect the international connectivity of a port, including increasing the
frequency of the shipping service, extending the operating market, and increasing
the number of services. It allows a port to become a potential hub port (Wang and Ng,
2011). The improvement of both connectivity and infrastructure creates certain advantages
for a port in competing and gaining market shares.

The purpose of a port is to improve its competitiveness and gain market share from other
ports. One of themethods to increase competitiveness is to improve international connectivity
by attracting more shippers and shipping lines. The connectivity analysis clearly shows the
position of a port in the maritime shipping network. SNA is used commonly to examine the
connectivity of a container port in a maritime shipping network, and each container port is a
node in the shipping routes, including the start and the endpoint. The use of the SNAmethod
with Freeman’s indexes, such as degree centrality, closeness centrality, and betweenness,
may demonstrate the level of connectivity in a specificmaritime shipping network (Wang and
Cullinane, 2016). Along with Freeman’s indexes, the hub index and author index are used to
reflect the centrality of a port. Besides, previous studies applied SNA in the field of sea
transportation, such as analysis of the level of cooperation in seaport research (Woo et al.,
2013), the impact of the centrality of ports in the network on the container throughput (Kang
and Woo, 2017), and the interaction among adjoining ports in the region (Lu et al., 2018).

The maritime shipping network analysis provides comprehensive information about the
accessibility and connectivity of a port in the network as well as allows comparison among
networks with different scales. Centrality indexes are used to determine a port’s importance
and relative position to the rest of the shipping network. Therefore, this study uses centrality
measures to identify the characteristics of the Northeast Asian shipping network as well as
analyze the importance of major ports in this shipping network. However, previous studies
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analyze the port’s connectivity separately by degree centrality, closeness centrality, or hub
and authority index. For example, based on the centrality indexes, Kawasaki et al. (2019)
analyze the Intra-Asian maritime network, and the results show that Singapore, Hong Kong,
Busan, and Shanghai are centrality ports in the region. There has not been a combination of
these indexes into a single connectivity index. This study constructs a Northeast Asian
container shipping network from liner service data and employs centrality indexes to analyze
the importance and relative position of 20 major ports in the region. In this study, the
Technique for Order of Preference by Similarity to Ideal Solution (TOPSIS) is used to identify
the “connectivity index” based on the results of SNA and the “throughput and route index”
based on the container throughput and the number of routes. Compared to other studies, this
study has originality. First, we construct a single “connectivity index” and “container
throughput and route index” by TOPSIS. Second, these indexes are used to cluster 20 ports
into four groups to determine each port’s change in role and position between 2017 and 2020.

3. Methodologies and data
3.1 Social Network Analysis (SNA)
The SNA method is used to analyze the connectivity of a network as well as enable one to
visualize the entire network (Lovri�c et al., 2018). This method uses indicators such as degree
centrality, closeness centrality, and betweenness centrality to identify the gap among entities
in the network and show the differences in the roles and position of the specific nodes in the
network (Freeman, 1977). These indexes do not examine the degree of centrality of each entity
in a network; therefore, hub and authority indexes are added (Kleinberg, 1999a). The SNA
method is widely applied to measure the connectivity of ports in the shipping network, and
each port in the maritime route is a node in the network (Nguyen et al., 2020b). To analyze the
port’s connectivity, services operated by the shipping lines, including the information about
the sequence of port, frequency and periodicity, are collected. The direct and indirect
connections among container ports shape the maritime transport network of a region. The
vessel calls at multiple ports for loading/unloading cargo in each maritime route, and SNA
considers the connection among ports within a given period. The analysis of the liner
shipping network structure is a binary approach; accordingly, the direct linkage between any
two ports is considered as 1; otherwise, it is 0.

3.1.1 Degree centrality. This index shows the structure of the maritime network by
measuring the number of port connections in the maritime shipping network (Wang and
Cullinane, 2016). The maritime shipping network is a directed network; therefore, degree
centrality includes two indexes, in-degree centrality, which refers to the connectivity of a port
to other ports in the network, and out-degree, which mentions the connectivity of other ports
to this port. A port is located to be central in a network if its degree of centrality is higher than
others.

The degree centrality index can be calculated as shown in Equations (1) and (2).

CD−inðiÞ ¼
Xn

j¼1;j≠ i

aji; (1)

CD−outðiÞ ¼
Xn

j¼1;j≠ i

aij (2)

Where CD−inðiÞ and CD−outðiÞ are the in-degree and out-degree centrality of port i in binary
ties, respectively. CD−inðiÞ shows that port i can connect directly to how many ports and
CD−outðiÞ shows that the number of ports can link directly to port i.
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aji and aij give the connectivity from port j to port i and from port i to port j, respectively;
aij ¼ 1 if port i is connected to port j; aij ¼ 0 if port i is not connected to port j.

3.1.2 Closeness centrality. Closeness centrality is used to identify the central port in a
complex shipping network by measuring the average shortest paths between ports (Li et al.,
2014). Therefore, the closeness centrality of a port is the average length of the shortest paths
from that port to all of the other ports in the maritime shipping network. The closeness to
other ports in the network allows a port can gainmuchmore information, hasmore authority,
and has a significant influence compared to other ports. The value of the closeness centrality
index value is from 0 to 1. The formula of closeness centrality is defined as follows:

I
CC
i ¼ n� 1Pn

j¼i;i≠ j

dij;

(3)

Where I
CC
i is the closeness centrality index of the ith port in the port network.

n gives the number of ports in the network;

n�1 is the maximum number of ports that a port can link to and

dij is the number of legs in the shortest path connecting port i and port j.

3.1.3 Hub and authority index. The connections in a network are not identical because all
nodes’ importance and influence are different. For example, some ports may have a higher
impact or importance in the seaport network due to the attractiveness of more shipping
companies introducing newmaritime services or customers using the port’s service. Hub and
authority scores are supplemented to identify the weights for each connection based on
secondary linkages in the network, which was not mentioned in the Freeman indexes
(Kleinberg, 1999b). Normally, hub index reflects the centrality value of a node in its ability to
make a linkage with other nodes in the network. By contrast, authority index shows the
centrality value of a node based on the number of linkages to the node. In seaport network
analysis, the authority score of a port is the sum of the hub scores of all ports that point to it,
while its hub score is the sum of the authority scores of all ports that it points to. Hub index of
a port increases if that port can connect tomany portswith a high authority index, while ports
with a high authority index as there aremany ports with a high hub index connect to this port
(Jeon et al., 2019).

3.2 Technique for order of preference by similarity to Ideal Solution (TOPSIS)
With some advantages of simplicity, comprehensibility, and good computation efficiency, the
TOPSIS is one of themost popular methods used to compare alternatives. In this study, major
ports in Northeast Asia are alternatives, and TOPSIS identifies these ports “connectivity
index” and “container throughput and route index”. The TOPSIS steps are as follows:

Step 1: Normalization of data:

rij ¼ xijffiffiffiffiffiffiffiffiffiffiPm
i¼1

x2ij

s (4)

The normalized matrix is R 5 [rij]m 3 n.
m and n are alternatives and criteria, respectively. In this study, m is the number of major

ports (m 5 20).
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xij is the value of degree centrality, closeness centrality, hub index, authority index,
container throughput, and the number of ship calls.

Step 2: Calculation of weighted normalized matrix:

The weighted normalized matrix is calculated bymultiplying the normalized matrix with the
index weight;

vij ¼ wj*rij (5)

wj is the index weight and is calculated by some steps:

Step 2.1 Standardization of data

The criteria are calculated from Equation (6) if they are beneficial. The cost indexes are
determined from Equation (7) (Li et al., 2011).

x0ij ¼
xij �minfxjg

maxfxjg �minfxjg (6)

x0ij ¼
maxfxjg � xij

maxfxjg �minfxjg (7)

The new index matrix after standardizing is X
0
5 [x0ij] m 3 n.

Step 2.2 Calculation of index entropy

fij ¼
x0ijPm

i¼1x
0
ij

(8)

ej ¼ −
1

lnðmÞ
Xm
i¼1

fij:ln
�
fij
�

(9)

Step 2.3 Calculation of index weight

wj ¼ 1� ej

n�Pn

j¼1ej
(10)

Step 3: Determination of the PIS and the NIS:

PIS:

Vþ ¼
h
Vþ

j

i
(11)

where Vþ
j ¼ maxvij; the benefit indexes;¼ minvij; the cost indexes

NIS:

V− ¼
h
V−

j

i
(12)

where V−
j ¼ maxvij; the cost indexes;¼ minvij; the benefit indexes

Step 4: Calculation of the distance for each alternative:
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The distance from the PIS is

Sþ
i ¼

ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiXn

j¼1

�
vij � Vþ

j

�2

vuut (13)

The distance from the NIS is

S−

i ¼
ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiXn

j¼1

�
vij � V−

j

�2

vuut (14)

Step 5: Calculation of the “connectivity index” and container throughput for each port:

Ci ¼ S−
i

Sþ
i þ S−

i

(15)

The value of connectivity and container throughput index is between 0 and 1, and a higher
evaluation alternative is better.

3.3 Fuzzy C-means (FCM)
The fuzzy C-means (FCM) algorithm was introduced by Ruspini, developed by Dunn, and
improved by Bezdek, and it is one of the most popular fuzzy clustering techniques (Ruspini,
1970; Bezdek, 1973, 1981; Dunn, 1973). This algorithm is applied in different fields due to its
efficiency, simplicity, and ease of implementation. Pham et al. (2021) used the FCM algorithm
to cluster the 32 largest ports in the world from 2013 to 2017. Typically, FCM includes some
steps, from selecting the randomly initial cluster center to repeating the algorithm until the
results converge to the actual cluster center. To conduct the FCM algorithm, the first step is to
identify an objective function thatmeasures the quality of each cluster, and the purpose of the
FCM algorithm is to minimize the value of the objective function. The objective function is
determined as Equation (16)

SFCM ¼
Xp

k¼1

Xc

h¼1

ðukhÞqjjyk � zhjj2 (16)

Where:

SFCM: the objective function;

c: number of cluster centers;

p: number of data points;

jjyk − zhjj2 is the squared distance between the element yk and the cluster center zh;

ukh: the degree of membership of yk in cluster h and

q: fuzzy index of the algorithm. q 5 2 have been often the preferred selection in FCM
because it may balance an assumption of an amount of fuzziness in the dataset and the
benefit of avoiding a time-consuming calculation of its value (Pal and Bezdek, 1995).

The complete algorithm consists of particular steps:

Step 1: Select the number of clusters (c), value for fuzzy index (q) and randomly initialize
the cluster membership value ukh ð

P
ukh ¼ 1Þ
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Step 2: Calculate the cluster center

zh ¼

�Pp
k¼1

ðukhÞq * yk
�

�Pp
k¼1

ðukhÞq
� (17)

Step 3: update ukh according to the following

uhk ¼ 1Pc
l¼1

�
jjyk�zhjj
jjyk�yl jj

� 2
q−1

(18)

Step 4: Repeat steps 2q4 until the objective function (SFCM) improves by less than a
specified threshold.

3.4 Data
The container port system of countries in Northeast Asia has a strategic position in
international trade and shipping. The container throughput of ports in the region comprises
nearly 40% of the global container throughput, and these ports are chokepoints in global
maritime shipping, with a large number of services calling these ports. To analyze the port’s
connectivity of Northeast Asia by SNA, the study collected 928 services that call the major 20
ports in the region from 2017 to 2020. The global databases on ship movements are collected
from the website of Alphaliner. Overall, the total number of services in the region slightly
increases over four years. The shipping lines constantly change their services, so the number
of shipping routes in almost all ports increases, except for Busan port (See Table 1). Even the
shipping lines may remove or add some ports in each service.

4. Analysis results and discussion
4.1 The port’s connectivity of Northeast Asia’s container port system
This study applies the SNA to analyze major ports’ connectivity of four countries, namely
South Korea, China, Japan, and Taiwan, aim to identify their importance and influence on the
national, regional, and global shipping network by degree centrality, closeness centrality, and
hub and authority index. These indexes are calculated by Netminer and reflect the structure
position of each port in the shipping network. Northeast Asia’smajor ports have a diversity of
connectivity when they can connect directly or indirectly to over 490 ports in all world areas
(see Table 2).

Degree centrality includes two indexes, namely out-degree centrality and in-degree
centrality. Out-degree centrality reflects the direct connection of these ports to other ports in
the world, while in-degree centrality shows that other ports can link directly to these ports.
There is a significant difference in the connectivity among ports and countries in
Northeast Asia.

Busan, Shanghai, Shenzhen, and Hong Kong are global hub ports, so both in-degree and
out-degree centrality of these ports are the highest. This also implies that they play an
essential role in the global maritime shipping network. The cargo transportation to Europe,
America, and Africa are transited through these ports. The degree centrality of these ports
witnessed a growth between 2017 and 2020, except for Shenzhen, when its in-degree
centrality drops slightly from 51 to 49. Busan – South Korea’s busiest container port – has the
most connectivity compared to other ports in the region. For the shipping lines, high port
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efficiency, favorable geographical location, reasonable port charges, adequate infrastructure,
and connectivity to other ports are factors in port choice for their maritime services (Tongzon,
2009). Among these factors, infrastructure and connectivity are the most important criterion
affecting the port choice decision for their services (Ng et al., 2013; Vega et al., 2019; Zhu et al.,
2021; Baştu�g et al., 2022). Therefore, the improvement of its infrastructure and facility may
make shipping lines add Busan to their shipping routes or introduce new services that call
this port. According to the Korean Ministry of Oceans and Fisheries, a total of won 13.6
trillion will be invested to increase the quay length, improve water depth, and apply a 5G
digital twin innovative port logistics platform for container ships that allows terminal
owners, shipowners and other port users can optimize their decisions. According to the long-
term business plan of Busan Port Authority, Busan New Port has also expanded and
completed in January 2021 to handle up to 3.2 million TEU per year.

Due to the negative impact of the COVID-19 pandemic on sea transportation, the shipping
line reduced some services or changed the number of ports in each route. As a result, the out-
degree and in-degree centrality of many ports decreased. This means that several ports
cannot link directly to major ports in Northeast Asia or these ports have a limitation of
connection to other ports. There is no improvement in the connectivity at Japan’smajor ports,
and even the degree of centrality of Yokohama, Kobe, Nagoya, and Tokyo decreased between
2017 and 2020. This is appropriate for the fall in container throughput of these ports.
Although Taiwan’s government has been planning to develop Kaohsiung to become an
important hub-port in Asia–Pacific region, Kaohsiung did not gain the market share from
Busan and other ports on the Taiwan Strait (Teng et al., 2004). Therefore, both its container
throughput and out-degree centrality witnessed a significant fall from 2017 to 2020.

Table 3 shows the closeness centrality of major ports in Northeast Asia. This index is
useful for identifying how close a port is to all other ports in the maritime shipping network.
Overall, ports with a high degree centrality, such as Busan, Shanghai, and Shenzhen, remain
at the top position with respect to the closeness centrality. The values of in-closeness and out-
closeness centrality show that Busan, Shanghai, and Shenzhen have influenced the Northeast

Country Port
In-degree Out-degree

2017 2018 2019 2020 2017 2018 2019 2020

Korea 1. Busan 71 75 75 75 79 80 79 81
2. Incheon 21 22 22 21 22 23 22 23
3. Gwangyang 17 19 18 19 22 24 22 21
4. Ulsan 8 8 8 8 12 13 13 13

Japan 1. Yokohama 33 31 31 31 29 26 26 25
2. Kobe 32 33 32 31 19 16 16 17
3. Nagoya 29 31 31 30 18 18 16 17
4. Tokyo 21 21 21 19 31 32 33 32
5. Osaka 14 15 15 14 30 31 31 31

Taiwan 1. Kaohsiung 39 43 43 42 45 42 42 39
2. Taipei 13 13 13 13 19 19 19 20
3. Taichung 10 10 11 11 8 7 9 8

China 1. Shanghai 57 57 57 60 58 57 57 63
2. Shenzhen 51 48 48 49 32 32 33 36
3. Hong Kong 42 40 44 43 50 54 45 51
4. Ningbo 39 40 40 39 39 42 41 45
5. Qingdao 33 33 31 30 41 43 41 43
6. Xiamen 29 28 30 30 33 28 28 28
7. Dalian 24 26 26 26 24 24 25 26
8. Tianjin 23 21 20 21 35 34 35 36

Table 2.
Degree centrality of
major ports in
Northeast Asia from
2017 to 2020
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Asia shipping network most quickly and can easily connect to all other ports. There is no
significant gap in closeness score among ports in the region, which implies that Northeast
Asia is a highly connected maritime shipping network.

The degree centrality and closeness centrality do not address the influence of a port on the
entire shipping network operations, so the hub and authority index is also calculated
(Kleinberg, 1999a). Figure 2 presents the hub and authority index of 20 major ports in
Northeast Asia. Like the values of degree centrality and closeness centrality, the hub and
authority index values emphasize the strong dominance of Busan, Shanghai, Shenzhen, and
Hong Kong. The high hub index of these ports implies that they are connected with high-
impact ports. These ports are important hub ports allowing easy access for container ships.
This is demonstrated by Yap et al. (2006) after analyzing the competition among container

Country Port
In-closeness Out-closeness

2017 2018 2019 2020 2017 2018 2019 2020

Korea 1. Busan 0.396 0.401 0.408 0.382 0.432 0.427 0.423 0.392
2. Incheon 0.316 0.319 0.321 0.308 0.352 0.344 0.341 0.325
3. Gwangyang 0.328 0.330 0.331 0.316 0.372 0.374 0.367 0.345
4. Ulsan 0.307 0.310 0.313 0.301 0.313 0.314 0.312 0.297

Japan 1. Yokohama 0.335 0.336 0.339 0.323 0.372 0.371 0.368 0.344
2. Kobe 0.350 0.353 0.365 0.344 0.362 0.347 0.342 0.331
3. Nagoya 0.327 0.332 0.335 0.319 0.347 0.344 0.337 0.324
4. Tokyo 0.337 0.340 0.348 0.325 0.369 0.366 0.366 0.343
5. Osaka 0.307 0.309 0.314 0.295 0.364 0.362 0.359 0.339

Taiwan 1. Kaohsiung 0.367 0.371 0.374 0.353 0.407 0.396 0.395 0.368
2. Taipei 0.314 0.310 0.314 0.301 0.352 0.352 0.350 0.333
3. Taichung 0.299 0.300 0.306 0.295 0.317 0.303 0.311 0.288

China 1. Shanghai 0.387 0.389 0.396 0.372 0.411 0.412 0.414 0.392
2. Shenzhen 0.390 0.383 0.391 0.368 0.389 0.385 0.382 0.368
3. Hong Kong 0.281 0.378 0.382 0.359 0.329 0.408 0.404 0.374
4. Ningbo 0.368 0.368 0.377 0.356 0.397 0.399 0.395 0.372
5. Qingdao 0.357 0.357 0.359 0.329 0.397 0.398 0.393 0.368
6. Xiamen 0.336 0.335 0.362 0.342 0.387 0.384 0.379 0.354
7. Dalian 0.322 0.326 0.329 0.316 0.365 0.365 0.364 0.345
8. Tianjin 0.323 0.321 0.325 0.312 0.390 0.388 0.383 0.359
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ports in EastAsia.With geographical advantages, these ports can easily access other regions.
Regarding the authority centrality, the findings are very similar to the results of the other
indexes, and the major ports still show strong connectivity to high-impact ports.

4.2 Categorizing ports based on fuzzy C-means clustering
The previous studies analyze port’s connectivity to identify the advantages and
disadvantages of an individual container port in the dynamic maritime shipping network,
and the results are basedmainly on each connectivity index in SNA. However, it is not easy to
compare the connectivity among ports if there are differences among indexes in SNAbecause
SNA does not reflect separately port’s connectivity. To solve this drawback, TOPSIS is
employed to unite degree centrality, closeness centrality, hub index, and authority index to
form a unique connectivity index exactly reflecting the port’s connectivity.

Table 4 shows the value of the connectivity index of 20 ports from 2017 to 2020. Although
there is a slight drop in the closeness centrality, hub index, and authority index, Busan’s
connectivity ranks first in four years. In the region, the connectivity of almost all of China’s
ports, including Shanghai, Shenzhen, Dalian, Ningbo, and Tianjin, improved dramatically,
while the connectivity of other ports decreased.

The strategic goal of the container port is to enhance the container throughput to increase
profit; therefore, the analysis of the port’s connectivity needs to be related to the number of
routes and the volume of the container. Similar to calculating the connectivity index, TOPSIS
is also used to identify the container throughput and route index by combining container
throughput and the number of ship calls of 20 major ports in the region. Table 5 indicates the
container throughput and route index of 20 ports in Northeast Asia. This index is calculated
based on the number of routes and container throughput of these ports from 2017 to 2020. In
2020, all container ports in the region faced difficulties caused by the COVID-19 pandemic.
However, several of China’s container ports, including Shanghai, Shenzhen, Qingdao, Ningbo,
Tianjin, and Xiamen, rebounded strongly during the second half to more than offset
pandemic-triggered losses. This allowed them to retain and increase the container
throughput and route index in 2020. The strategy of transferring volumes to Yingkou,
along with the worst impact of weak global trade conditions in 2020, caused the container
throughput of Dalian to record a dramatic drop of around 42% in 2020. Many container ports
in the region were hit by the COVID-19 pandemic when their container throughput witnessed
a fall in 2020.

Port 2017 2018 2019 2020 Port 2017 2018 2019 2020

Korea Taiwan
1. Busan 1.000 1.000 1.000 1.000 1. Kaohsiung 0.667 0.619 0.620 0.569
2. Incheon 0.108 0.099 0.082 0.086 2. Taipei 0.053 0.047 0.037 0.045
3. Gwangyang 0.117 0.127 0.089 0.088 3. Taichung 0.003 0.001 0.003 0.002
4. Ulsan 0.004 0.004 0.002 0.003 China
Japan 1. Shanghai 0.930 0.902 0.908 0.947
1. Yokohama 0.232 0.145 0.145 0.145 2. Shenzhen 0.639 0.587 0.610 0.655
2. Kobe 0.174 0.136 0.121 0.125 3. Hong Kong 0.731 0.726 0.683 0.722
3. Nagoya 0.160 0.161 0.129 0.130 4. Ningbo 0.606 0.607 0.592 0.623
4. Tokyo 0.201 0.181 0.175 0.156 5. Qingdao 0.534 0.512 0.452 0.452
5. Osaka 0.127 0.139 0.123 0.120 6. Xiamen 0.378 0.286 0.301 0.294

7. Dalian 0.147 0.150 0.141 0.155
8. Tianjin 0.186 0.230 0.224 0.233

Table 4.
Connectivity index of
the top 20 ports in
Northeast Asia
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It is clear that the “connectivity index” and “container throughput and route index” reflects
the connectivity and competitiveness of major container ports in Northeast Asia’s maritime
shipping network. However, the importance and role of these ports in the network may
change over time. Therefore, from the “connectivity index” and “container throughput and
route index”, FCM is employed for a more comprehensive analysis of the development of 20
ports in the region. The essential criteria to evaluate the clustering effect are divergence and
compactness (Liang et al., 2010).With the study’s dataset, the optimal number of clusters are 4
to ensure that the inter-cluster distance should be as big as possible, and the intra-cluster
distance should be as small as possible. Twenty container ports are divided into 4 clusters,
and the results of FCM are presented in Figure 3. With a high “connectivity index” and

Port 2017 2018 2019 2020 Port 2017 2018 2019 2020

Korea Taiwan
1. Busan 0.670 0.636 0.609 0.568 1. Kaohsiung 0.213 0.191 0.149 0.087
2. Incheon 0.007 0.015 0.007 0.011 2. Taipei 0.001 0.001 0.001 0.000
3. Gwangyang 0.029 0.032 0.011 0.018 3. Taichung 0.004 0.005 0.003 0.002
4. Ulsan 0.000 0.000 0.000 0.000 China
Japan 1. Shanghai 1.000 1.000 1.000 1.000
1. Yokohama 0.035 0.047 0.023 0.030 2. Shenzhen 0.807 0.756 0.752 0.815
2. Kobe 0.026 0.029 0.016 0.014 3. Hong Kong 0.718 0.655 0.581 0.545
3. Nagoya 0.021 0.033 0.017 0.016 4. Ningbo 0.780 0.798 0.802 0.848
4. Tokyo 0.039 0.014 0.008 0.007 5. Qingdao 0.473 0.468 0.487 0.544
5. Osaka 0.013 0.019 0.010 0.010 6. Xiamen 0.181 0.158 0.178 0.216

7. Dalian 0.087 0.102 0.050 0.023
8. Tianjin 0.228 0.281 0.249 0.287
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“container throughput and route index”, the black colored cluster (Cluster 1) is the best while
the blue-colored cluster (Cluster 4) is the worst because both of connectivity index and
container throughput and route index is low. Cluster 2 is in red, and Cluster 3 is in purple. The
growth and development of ports in the region make a considerable change in cluster
members from 2017 to 2020.

With the domination of connectivity and container throughput, Shanghai still strengthens
its position as a pivotal port for container shipping as well as a top-class international
maritime center. Therefore, Shanghai is still in Cluster 1 for over four years. The growth in
both connectivity index and container throughput and route index of Ningbo and Shenzhen
allows these ports to move from Cluster 2 to Cluster 1 with Shanghai. Ningbo and Shenzhen
have shown resilience amid the negative influence of the COVID-19 pandemic. This
satisfactory performance is due to their efforts to launch new maritime routes, develop
intermodal transports, increase digitalization and port automation, enhance infrastructure,
and push paperless port systems. By contrast, Busan port maintains the top position in the
connectivity index, but it failed to expand container throughput. The result is that Busan
slipped down from Cluster 1 to Cluster 2 between 2017 and 2020. Hong Kong is still in Cluster
2, but its “connectivity index” and “container throughput and route index” decreased. To cope
with rising competition from ports in South China, Hong Kong has conducted expansion
terminal yard space, the up-gradation of facilities, and improvement of navigation depth.
However, due to the difficulty in accommodating the large vessels and high cost, Hong Kong
is less competitive than its competitors; and the result is that it has lost market share to
competitors such as Shanghai, Ningbo, Shenzhen and Guangzhou port (Do et al., 2015; Fan,
2019;Wang et al., 2022). Ports in Clusters 3 and 4 represent the weak in both connectivity and
volume of the container. These ports were hit by the COVID-19 pandemic when the container
throughput decreased, and the port’s connectivity was not improved.

5. Conclusion
This study analyzes the development of 20 major container ports in 4 countries in Northeast
Asia, namely China, Korea, Japan, andTaiwan, by using the SNAmethod, TOPSIS, and FCM.
The results from the study show that (1) container ports in Northeast Asia are being operated
in a highly connected maritime shipping network; (2) there is a big gap in port connectivity
among countries in the region. The transshipment hubs, including Shanghai, Hong Kong,
Shenzhen (China), and Busan (Korea), have dominated container throughput and port
connectivity. Major ports in Taiwan and Japan are less competitive in connectivity than
others in China and Korea; (3) in each country, a port or some ports is dominating other ports
in connectivity, for example, Busan (Korea), Kobe, and Yokohama (Japan), Kaohsiung
(Taiwan), and Shanghai, Shenzhen, Hong Kong (China); (4) the negative impacts of the
COVID-19 pandemic made the container throughput and connectivity of almost all container
ports in the region to decrease significantly in 2020. This causes a significant change in
cluster members between 2017 and 2020.

The study results show that the connectivity of container ports in Japan and Taiwan are
less than that of ports in China and Korea. However, ports in Japan and Taiwan can improve
connectivity through several policies. Some previous studies show that developing the
international and domestic maritime shipping network of seaports in Taiwan and Japan
plays an essential role in the national and local economies because these countries are pivotal
points for shipping routes crossing the Pacific Ocean (Ding et al., 2019; Hu et al., 2020).
Therefore, port operators and managers of these countries may implement the following
strategies to enhance connectivity as well as the competitiveness. First, an expansion of the
berth’s length and depth allows these ports to accommodate larger container vessels;
therefore, these ports can attract more shipping lines to open new services. In addition,
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Japan’s and Taiwan’s container ports should streamline the clearance procedures and push
paperless port systems to enhance their competitiveness. Further, to cope with a rapidly
changing technology, ports in these countries should applyArtificial Intelligence (AI) and 5th
Generation (5G) connections to increase digitalization and port automation and construct
smart ports. The application of AI allows terminals to operate more effectively due to the
improvement of productivity and work environment at the port, optimization of decision-
making, detection of accidents or breakdown cargo. This is also evidenced by the application
of 5G and AI in the Port of Singapore. AI and 5G play an important role in the automation,
remote operation, and give Singapore port certain competitive advantages (Huseien and
Shah, 2022). Final, enhancement of connectivity to domestic logistics centers is at the core of
the increasing competitiveness of Japan’s and Taiwan’s container ports. These policies were
also mentioned partly in Taiwan’s 2008 I-Taiwan 12 Construction Plan and Japan’s 2006
Super Hub Port Establishment Program and 2010 International Strategic Port Plan (Yang
and Chen, 2016).

The study identifies the connectivity of major container ports in Northeast Asia’s
shipping network as well as characteristics of this shipping network over the period
2017–2020 using the connectivity indexes. The dataset on the ship movements in the region
was constructed by collecting maritime services from the website of Alphaliner. This is the
first paper to establish the “connectivity index” based on centrality indexes and “container
throughput and route index” based on container throughput and the number of routes by
using TOPSIS. In addition, the results of connectivity, container throughput, and the
number of routes are employed to categorize 20 major container ports in the region
using FCM.

The results of the study suggest that improvement of port connectivity is not the first and
unique priority of ports. Busan, Ningbo, and Shenzhen are clear evidence to prove that it is
necessary to combine port connectivity improvement and container throughput growth. A
high port’s connectivity index but low container throughput index makes Busan move from
Cluster 1 to Cluster 2. By contrast, the improvement in connectivity and container throughput
allows Ningbo and Shenzhen to join Cluster 1 together with Shanghai.
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Baştu�g, S., Haralambides, H., Esmer, S. and Emino�glu, E. (2022), “Port competitiveness: do container
terminal operators and liner shipping companies see eye to eye?”, Marine Policy, Vol. 135
October 2021, doi: 10.1016/j.marpol.2021.104866.

Bezdek, J.C. (1973), “Cluster validity with fuzzy sets”, Journal of Cybernetics, Vol. 3 No. 3, pp. 58-73,
doi: 10.1080/01969727308546047.

Bezdek, J.C. (1981), Pattern Recognition with Fuzzy Objective Function Algorithms, Springer,
Boston, MA.

Chang, Y.T., Lee, S.Y. and Tongzon, J. (2008), “Port selection factors by shipping lines: different
perspectives between trunk liners and feeder service providers”, Marine Policy, Vol. 32 No. 6,
pp. 877-885, doi: 10.1016/j.marpol.2008.01.003.

Ding, J.F., Kuo, J.F., Shyu, W.H. and Chou, C.C. (2019), “Evaluating determinants of attractiveness and
their cause-effect relationships for container ports in Taiwan: users’ perspectives”, Maritime
Policy and Management, Vol. 46 No. 4, pp. 466-490, doi: 10.1080/03088839.2018.1562245.

Do, T.H.M., Park, G.K., Choi, K.H., Kang, K. and Baik, O. (2015), “Application of game theory and
uncertainty theory in port competition between Hong Kong port and Shenzhen port”,

International
connectivity of
container ports

347

https://doi.org/10.1007/s10708-014-9567-5
https://doi.org/10.1016/j.marpol.2021.104866
https://doi.org/10.1080/01969727308546047
https://doi.org/10.1016/j.marpol.2008.01.003
https://doi.org/10.1080/03088839.2018.1562245


International Journal of e-Navigation and Maritime Economy, Vol. 2, pp. 12-23, doi: 10.1016/j.
enavi.2015.06.002.

Ducruet, C., Lee, S.W. and Ng, A.K.Y. (2010), “Centrality and vulnerability in liner shipping networks:
revisiting the northeast asian port hierarchy”, Maritime Policy and Management, Vol. 37 No. 1,
pp. 17-36, doi: 10.1080/03088830903461175.

Dunn, J.C. (1973), “A fuzzy relative of the ISODATA process and its use in detecting compact well-
separated clusters”, Journal of Cybernetics, Vol. 3 No. 3, pp. 32-57, doi: 10.1080/01969727308546046.

Fan, D. (2019), “The measurement of competitiveness of Hong Kong international shipping center and
its promotion strategies”, Modern Economy, Vol. 10 No. 03, pp. 853-871, doi: 10.4236/me.2019.
103057.

Freeman, L. (1977), “A set of measures of centrality based on betweenness”, Sociometry, Vol. 40 No. 1,
pp. 35-41, doi: 10.2307/3033543.

Hu, Z.H., Liu, C.J. and Tae-Woo Lee, P. (2020), “Analyzing interactions between Japanese ports and the
maritime silk road based on complex networks”, Complexity, Vol. 2020 No. 2, pp. 1-18, doi: 10.
1155/2020/3769307.

Huseien, G.F. and Shah, K.W. (2022), “A review on 5G technology for smart energy management and
smart buildings in Singapore”, Energy and AI, Vol. 7, 100116, doi: 10.1016/j.egyai.2021.100116.

Inoue, S. (2018), “Realities and challenges of port alliance in Japan — ports of Kobe and Osaka”,
Research in Transportation Business and Management, Vol. 26, September, pp. 45-55, doi: 10.
1016/j.rtbm.2018.02.004.

Jeon, J.W., Duru, O. and Yeo, G.T. (2019), “Cruise port centrality and spatial patterns of cruise shipping
in the Asian market”,Maritime Policy and Management, Vol. 46 No. 3, pp. 257-276, doi: 10.1080/
03088839.2019.1570370.

Jiang, B. and Li, J. (2009), “DEA-based performance measurement of seaports in Northeast Asia: radial
and non-radial approach”, Asian Journal of Shipping and Logistics, Vol. 25 No. 2, pp. 219-236,
doi: 10.1016/S2092-5212(09)80003-5.

Kang, D.J. and Woo, S.H. (2017), “Liner shipping networks, port characteristics and the impact on port
performance”, Maritime Economics and Logistics, Vol. 19 No. 2, pp. 274-295, doi: 10.1057/
s41278-016-0056-2.

Kawasaki, T., Hanaoka, S., Yiting, J. and Matsuda, T. (2019), “Evaluation of port position for intra-
Asia maritime network”, Asian Transport Studies, Vol. 5 No. 4, pp. 570-583.

Kawasaki, T., Tagawa, H., Watanabe, T. and Hanaoka, S. (2020), “The effects of consolidation and
privatization of ports in proximity: a case study of the Kobe and Osaka ports”, Asian Journal of
Shipping and Logistics, Vol. 36 No. 1, pp. 1-12, doi: 10.1016/j.ajsl.2019.08.002.

Kim, A.R. (2016), “A study on competitiveness analysis of ports in Korea and China by entropy weight
TOPSIS”, Asian Journal of Shipping and Logistics, Vol. 32 No. 4, pp. 187-194, doi: 10.1016/j.ajsl.
2016.12.001.

Kleinberg, J.M. (1999a), “Authoritative sources in a hyperlinked environment”, Journal of the ACM,
Vol. 46 No. 5, pp. 604-632, doi: 10.1145/324133.324140.

Kleinberg, J.M. (1999b), “Hubs, authorities, and communities”, ACM Computing Surveys, Vol. 31
No. 4es, p. 5, doi: 10.1145/345966.345982.

Li, X., Wang, K., Liuz, L., Xin, J., Yang, H. and Gao, C. (2011), “Application of the entropy weight and
TOPSIS method in safety evaluation of coal mines”, Procedia Engineering, Vol. 26, pp.
2085-2091, doi: 10.1016/j.proeng.2011.11.2410.

Li, Z., Xu, M. and Shi, Y. (2014), “Centrality in global shipping network basing on worldwide shipping
areas”, GeoJournal, Vol. 80 No. 1, pp. 47-60, doi: 10.1007/s10708-014-9524-3.

Li, L.L., Seo, Y.J. and Ha, M.H. (2021), “The efficiency of major container terminals in China: super-
efficiency data envelopment analysis approach”, Maritime Business Review, Vol. 6 No. 2,
pp. 173-187, doi: 10.1108/MABR-08-2020-0051.

MABR
7,4

348

https://doi.org/10.1016/j.enavi.2015.06.002
https://doi.org/10.1016/j.enavi.2015.06.002
https://doi.org/10.1080/03088830903461175
https://doi.org/10.1080/01969727308546046
https://doi.org/10.4236/me.2019.103057
https://doi.org/10.4236/me.2019.103057
https://doi.org/10.2307/3033543
https://doi.org/10.1155/2020/3769307
https://doi.org/10.1155/2020/3769307
https://doi.org/10.1016/j.egyai.2021.100116
https://doi.org/10.1016/j.rtbm.2018.02.004
https://doi.org/10.1016/j.rtbm.2018.02.004
https://doi.org/10.1080/03088839.2019.1570370
https://doi.org/10.1080/03088839.2019.1570370
https://doi.org/10.1016/S2092-5212(09)80003-5
https://doi.org/10.1057/s41278-016-0056-2
https://doi.org/10.1057/s41278-016-0056-2
https://doi.org/10.1016/j.ajsl.2019.08.002
https://doi.org/10.1016/j.ajsl.2016.12.001
https://doi.org/10.1016/j.ajsl.2016.12.001
https://doi.org/10.1145/324133.324140
https://doi.org/10.1145/345966.345982
https://doi.org/10.1016/j.proeng.2011.11.2410
https://doi.org/10.1007/s10708-014-9524-3
https://doi.org/10.1108/MABR-08-2020-0051


Liang, Z., Zhang, P. and Zhao, J. (2010), “Optimization of the number of clusters in fuzzy clustering”,
2010 International Conference on Computer Design and Applications, ICCDA 2010, 3(ICCDA),
pp. 580-584, doi: 10.1109/ICCDA.2010.5541372.

Lovri�c, M., et al. (2018), “Submission of an original research paper: social network analysis as a tool for
the analysis of international trade of wood and non-wood forest products”, Forest Policy and
Economics, Vol. 86, pp. 45-66, doi: 10.1016/j.forpol.2017.10.006.

Lu, W., Park, S.H., Oh, J.G. and Yeo, G.T. (2018), “Network connection strategy for small and medium-
sized ports (SMPs)”, Asian Journal of Shipping and Logistics, Vol. 34 No. 1, pp. 19-26, doi: 10.
1016/j.ajsl.2018.03.003.

Ma, Q., Jia, P., She, X., Haralambides, H. and Kuang, H. (2021), “Port integration and regional economic
development: lessons from China”, Transport Policy, Vol. 110 May, pp. 430-439, doi: 10.1016/j.
tranpol.2021.06.019.

Ng, A.S.-F., Sun, D. and Bhattacharjya, J. (2013), “Port choice of shipping lines and shippers in
Australia”, Asian Geographer, Vol. 30 No. 2, pp. 143-168, doi: 10.1080/10225706.2013.783304.

Nguyen, P.N. and Woo, S.H. (2021), “Port connectivity and competition among container ports in
Southeast Asia based on Social Network Analysis and TOPSIS”, Maritime Policy and
Management (In press).

Nguyen, P.N., Woo, S.H., Beresford, A. and Pettit, S. (2020a), “Competition, market concentration, and
relative efficiency of major container ports in Southeast Asia”, Journal of Transport Geography,
Vol. 83 No. 83, doi: 10.1016/j.jtrangeo.2020.102653.

Nguyen, T.L.H., Park, S.H. and Yeo, G.T. (2020b), “An analysis of port networks and improvement
strategies for port connections in the Ho Chi Minh area”, Asian Journal of Shipping and
Logistics, Vol. 36 No. 4, pp. 223-231, doi: 10.1016/j.ajsl.2020.07.001.

Pal, N.R. and Bezdek, J.C. (1995), “On cluster validity for the fuzzy c-means model”, IEEE Transactions
on Fuzzy Systems, Vol. 3 No. 3, pp. 370-379, doi: 10.1109/91.413225.

Pallis, A.A, Vitsounis, T., de Langen, P. and Notteboom, T. (2011), “Port economics, policy and
management: content classification and survey”, Transport Reviews, Vol. 31 No. 4, pp. 445-471,
doi: 10.1080/01441647.2010.530699.

Pettit, S.J. and Beresford, A.K.C. (2009), “Port development: from gateways to logistics hubs”,
Maritime Policy and Management, Vol. 36 No. 3, pp. 253-267, doi: 10.1080/03088830902861144.

Pham, T.Q.M., Park, G.K. and Choi, K.H. (2021), “The efficiency analysis of world top container ports
using two-stage uncertainty DEA model and FCM”, Maritime Business Review, Vol. 6 No. 1,
pp. 2-21, doi: 10.1108/MABR-11-2019-0052.

Rodrigue, J.P. and Notteboom, T. (2009), “The terminalization of supply chains: reassessing the role of
terminals in port/hinterland logistical relationships”, Maritime Policy and Management, Vol. 36
No. 2, pp. 165-183, doi: 10.1080/03088830902861086.

Ruspini, E.H. (1970), “Numerical methods for fuzzy clustering”, Information Sciences, Vol. 2 No. 3,
pp. 319-350, doi: 10.1016/S0020-0255(70)80056-1.

Shin, S.H., Lee, P.T.W. and Lee, S.W. (2019), “Lessons from bankruptcy of Hanjin shipping company in
chartering”,Maritime Policy and Management, Vol. 46 No. 2, pp. 136-155, doi: 10.1080/03088839.
2018.1543909.

Steven, A.B. and Corsi, T.M. (2012), “Choosing a port: an analysis of containerized imports into the
US”, Transportation Research Part E: Logistics and Transportation Review, Vol. 48 No. 4,
pp. 881-895, doi: 10.1016/j.tre.2012.02.003.

Teng, J.Y., Huang, W.C. and Huang, M.J. (2004), “Multicriteria evaluation for port competitiveness of
eight East Asian container ports”, Journal of Marine Science and Technology, Vol. 12 No. 4,
pp. 256-264, doi: 10.51400/2709-6998.2245.

Tongzon, J.L. (2009), “Port choice and freight forwarders”, Transportation Research Part E: Logistics
and Transportation Review, Vol. 45 No. 1, pp. 186-195, doi: 10.1016/j.tre.2008.02.004.

International
connectivity of
container ports

349

https://doi.org/10.1109/ICCDA.2010.5541372
https://doi.org/10.1016/j.forpol.2017.10.006
https://doi.org/10.1016/j.ajsl.2018.03.003
https://doi.org/10.1016/j.ajsl.2018.03.003
https://doi.org/10.1016/j.tranpol.2021.06.019
https://doi.org/10.1016/j.tranpol.2021.06.019
https://doi.org/10.1080/10225706.2013.783304
https://doi.org/10.1016/j.jtrangeo.2020.102653
https://doi.org/10.1016/j.ajsl.2020.07.001
https://doi.org/10.1109/91.413225
https://doi.org/10.1080/01441647.2010.530699
https://doi.org/10.1080/03088830902861144
https://doi.org/10.1108/MABR-11-2019-0052
https://doi.org/10.1080/03088830902861086
https://doi.org/10.1016/S0020-0255(70)80056-1
https://doi.org/10.1080/03088839.2018.1543909
https://doi.org/10.1080/03088839.2018.1543909
https://doi.org/10.1016/j.tre.2012.02.003
https://doi.org/10.51400/2709-6998.2245
https://doi.org/10.1016/j.tre.2008.02.004


UNCTAD (2018), Review of Maritime Transport 2018, United Nations, Geneva; New York, United
States of America.

UNCTAD (2019), Review of Maritime Transport 2019, United Nations, Geneva; New York, United
States of America.

UNCTAD (2020a), “COVID-19 and maritime transport: impact and responses”, Report No. UNCTAD/
DTL/TLB/INF/2020/1, available at: https://unctad.org/en/PublicationsLibrary/dtltlbinf2020d1_
en.pdf

UNCTAD (2020b), Review of Maritime Transport 2020, United Nations, Geneva, available at: https://
unctad.org/system/files/official-document/rmt2020_en.pdf

Vega, L., Cantillo, V. and Arellana, J. (2019), “Assessing the impact of major infrastructure projects on
port choice decision: the Colombian case”, Transportation Research Part A: Policy and Practice,
Vol. 120, December, pp. 132-148, doi: 10.1016/j.tra.2018.12.021.

Viljoen, N.M. and Joubert, J.W. (2016), “The vulnerability of the global container shipping network to
targeted link disruption”, Physica A: Statistical Mechanics and Its Applications, Vol. 462,
pp. 396-409, doi: 10.1016/j.physa.2016.06.111.

Wang, Y. and Cullinane, K. (2016), “Determinants of port centrality in maritime container
transportation”, Transportation Research Part E: Logistics and Transportation Review,
Vol. 95, pp. 326-340, doi: 10.1016/j.tre.2016.04.002.

Wang, L., Lau, Y.Y., Su, H., Zhu, Y. and Kanrak, M. (2022), “Dynamics of the Asian shipping network
in adjacent ports: comparative case studies of Shanghai-Ningbo and Hong Kong-Shenzhen”,
Ocean and Coastal Management, Vol. 221, 106127, doi: 10.1016/j.ocecoaman.2022.106127.

Wang, J.J. and Ng, A.K.Y. (2011), “The geographical connectedness of Chinese seaports with foreland
markets: a new trend?”, Tijdschrift voor Economische en Sociale Geografie, Vol. 102 No. 2,
pp. 188-204, doi: 10.1111/j.1467-9663.2010.00600.x.

Woo, S.H., Kang, D.J. and Martin, S. (2013), “Seaport research: an analysis of research collaboration
using social network analysis”, Transport Reviews, Vol. 33 No. 4, pp. 460-475, doi: 10.1080/
01441647.2013.786766.

Xu, L., Yang, S., Chen, J. and Shi, J. (2021), “The effect of COVID-19 pandemic on port performance:
evidence from China”, Ocean and Coastal Management, Vol. 209 April, 105660, doi: 10.1016/j.
ocecoaman.2021.105660.

Yang, Y.C. and Chen, S.L. (2016), “Determinants of global logistics hub ports: comparison of the port
development policies of Taiwan, Korea, and Japan”, Transport Policy, Vol. 45, pp. 179-189,
doi: 10.1016/j.tranpol.2015.10.005.

Yap, W.Y., Lam, J.S.L. and Notteboom, T. (2006), “Developments in container port competition in East
Asia”, Transport Reviews, Vol. 26 No. 2, pp. 168-188, doi: 10.1080/01441640500271117.

Zhu, S., Fu, X. and Bell, M.G.H. (2021), “Container shipping line port choice patterns in East Asia the
effects of port affiliation and spatial dependence”, Transportation Research Part E: Logistics
and Transportation Review, Vol. 156, October, 102527, doi: 10.1016/j.tre.2021.102527.

Corresponding author
Hwayoung Kim can be contacted at: hwayoung@mmu.ac.kr

For instructions on how to order reprints of this article, please visit our website:
www.emeraldgrouppublishing.com/licensing/reprints.htm
Or contact us for further details: permissions@emeraldinsight.com

MABR
7,4

350

https://unctad.org/en/PublicationsLibrary/dtltlbinf2020d1_en.pdf
https://unctad.org/en/PublicationsLibrary/dtltlbinf2020d1_en.pdf
https://unctad.org/system/files/official-document/rmt2020_en.pdf
https://unctad.org/system/files/official-document/rmt2020_en.pdf
https://doi.org/10.1016/j.tra.2018.12.021
https://doi.org/10.1016/j.physa.2016.06.111
https://doi.org/10.1016/j.tre.2016.04.002
https://doi.org/10.1016/j.ocecoaman.2022.106127
https://doi.org/10.1111/j.1467-9663.2010.00600.x
https://doi.org/10.1080/01441647.2013.786766
https://doi.org/10.1080/01441647.2013.786766
https://doi.org/10.1016/j.ocecoaman.2021.105660
https://doi.org/10.1016/j.ocecoaman.2021.105660
https://doi.org/10.1016/j.tranpol.2015.10.005
https://doi.org/10.1080/01441640500271117
https://doi.org/10.1016/j.tre.2021.102527
mailto:hwayoung@mmu.ac.kr

	Analyzing the international connectivity of the major container ports in Northeast Asia
	Introduction
	Literature review
	Methodologies and data
	Social Network Analysis (SNA)
	Degree centrality
	Closeness centrality
	Hub and authority index

	Technique for order of preference by similarity to Ideal Solution (TOPSIS)
	Fuzzy C-means (FCM)
	Data

	Analysis results and discussion
	The port's connectivity of Northeast Asia's container port system
	Categorizing ports based on fuzzy C-means clustering

	Conclusion
	References


